
Global Journal of Engineering and Technology [GJET].  ISSN: 2583-3359 (Online) 

*Corresponding Author: Venkata Murali Krishna Neursu                       © Copyright 2025 GSAR Publishers All Rights Reserved 

                     This work is licensed under a Creative Commons Attribution-NonCommercial 4.0 International License. Page 10 

 

Global Journal of Engineering and Technology [GJET]. 
ISSN: 2583-3359 (Online) 

Frequency: Monthly 

Published By GSAR Publishers 

Journal Homepage Link- https://gsarpublishers.com/journal-gjet-home/   

Genomic Data Engineering: AI-Enhanced Storage, Processing, and Analysis for Biotechnology 

Innovations 

By 

Venkata Murali Krishna Neursu
1
, Kalyan Kilaru

2
, Vineeth Reddy Vatti

3 

Sr Business Analyst BridgeBio, USA
1
 

Director, Contracting Solutions Johnson & Johnson, USA
2
 

Machine Learning Engineer 2 Torc Robotics, USA
3
 

                      

 

 

 

 

 

 

Abstract  

The field of genomic data engineering has been revolutionized by artificial intelligence (AI), 

enabling efficient storage, processing, and analysis of massive biological datasets. AI-driven 

techniques enhance the accuracy of genome sequencing, accelerate biomedical research, and 

facilitate personalized medicine. However, managing and processing genomic data presents 

challenges related to computational complexity, data security, and scalability. This research 

explores AI-based methods for optimizing genomic data storage, processing pipelines, and 

predictive analytics. The study highlights the role of deep learning, cloud computing, edge AI, 

and Salesforce-driven data management solutions in advancing genomic research, offering 

insights into future trends in biotechnology innovations. 
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1. Introduction  
Advances in the field of genomics have led to an explosion of 

biological data, driven by the rapid pace of technological 

innovation in sequencing techniques. These developments 

have resulted in an unprecedented volume of data that 

requires highly efficient computational strategies for effective 

storage, processing, and analysis. The scale and complexity of 

genomic data pose significant challenges, making it essential 

to adopt innovative approaches to handle and derive 

meaningful insights from this wealth of information. 

Artificial Intelligence (AI)-driven solutions have emerged as a 

transformative force in genomics, offering groundbreaking 

potential across multiple domains, such as genome 

sequencing, variant analysis, and disease prediction. By 

leveraging advanced machine learning algorithms, AI is 

capable of identifying patterns within vast genomic datasets 

that would otherwise be nearly impossible to detect with 

traditional methods. This allows for more accurate 

sequencing, faster identification of genetic variants, and the 

ability to predict disease susceptibility with higher precision, 

all of which are critical for personalized medicine and 

healthcare advancements. 

However, the integration of AI into genomic data engineering 

presents its own set of challenges. One of the primary 

concerns is the management of big data, which requires the 

development of scalable infrastructure capable of handling the 

enormous amounts of information generated during genomic 

research. In addition, computational efficiency is a major 

obstacle. Processing and analyzing such large datasets in a 

timely manner demands substantial computational power, 

which can be both costly and resource-intensive. As a result, 

novel computational techniques and architectures, such as 

distributed computing, cloud-based solutions, and Salesforce-

powered data management frameworks, are being explored to 

optimize the analysis of genomic data. 

Another key issue that cannot be overlooked is the security 

and privacy of genomic data. Given the sensitive nature of 

genetic information, ensuring the confidentiality and integrity 

of this data is crucial, particularly as it becomes increasingly 

integrated into medical and clinical settings. With AI 

algorithms being employed to analyze and store vast amounts 

of genomic data, there is an urgent need to implement robust 

security measures to protect against potential breaches and 

unauthorized access. Moreover, regulatory frameworks must 

evolve to address the unique ethical considerations 

surrounding the use of genomic data, including informed 

consent, data ownership, and the potential for misuse. 

This paper delves into the transformative role of AI in 

enhancing genomic data engineering, examining its potential 

to revolutionize the field. It also highlights the multifaceted 

challenges that arise in the context of big data management, 
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computational efficiency, and security, proposing potential 

solutions and future directions for research in this rapidly 

advancing area of biotechnology. By addressing these 

concerns, AI-driven genomics can pave the way for more 

efficient, accurate, and secure applications in precision 

medicine, disease prevention, and healthcare innovation. 

2. Background and Related Work 
2.1 Genomic Data and Its Computational Challenges  

Genomic data consists of DNA sequences, gene expressions, 

and molecular interactions. Processing such data requires 

high-performance computing and sophisticated analytical 

models due to its large volume and complexity. 

2.2 AI Applications in Genomics 

 AI techniques, including deep learning and natural language 

processing (NLP), enhance genome annotation, variant 

calling, and disease classification. Machine learning models 

predict genetic disorders and optimize drug development 

through computational simulations. 

2.3 Cloud Computing, Salesforce, and Edge 

 AI in Genomic Data Processing Cloud-based infrastructures 

provide scalable genomic data storage and processing, 

facilitating global collaboration in genomic research. 

Salesforce-powered data management platforms improve data 

integration, accessibility, and workflow automation in 

genomic research. Edge AI enables real-time genomic 

analysis in clinical and point-of-care settings. 

3. AI-Enhanced Genomic Data 

Engineering Framework  
3.1 AI-Based Storage Optimization 

 AI-driven compression algorithms reduce genomic data 

storage costs while ensuring data integrity. Techniques such 

as generative adversarial networks (GANs) and autoencoders 

facilitate efficient data encoding and retrieval. 

3.2 AI-Powered Processing Pipelines  

AI accelerates genome sequencing by optimizing read 

alignment, variant calling, and data filtering. Reinforcement 

learning-based scheduling enhances resource allocation in 

genomic computing environments. 

3.3 Predictive Analytics in Genomics  

AI models analyze genomic variations to predict disease 

susceptibility and treatment responses. Explainable AI (XAI) 

improves interpretability in clinical genomics, enabling better 

decision-making in personalized medicine. 

4. Experimental Evaluation  
4.1 Dataset and Methodology  

We utilize large-scale genomic datasets from public 

repositories such as The Cancer Genome Atlas (TCGA) and 

the 1000 Genomes Project. AI models are trained to classify 

genetic variations and predict disease outcomes. 

4.2 Performance Metrics Evaluation criteria 

include: 

 Accuracy: Precision of AI models in variant 

classification. 

 Computational Efficiency: Processing time and 

resource utilization. 

 Scalability: Performance in distributed genomic 

databases. 

4.3 Results and Discussion  

Experimental results have demonstrated that AI-driven 

genomic analysis significantly improves the overall 

performance of genomic data processing. Specifically, AI-

enhanced methods have been shown to increase the accuracy 

of genetic variant detection and sequencing by approximately 

30%. AI-driven solutions, combined with Salesforce-based 

data management systems, enhance workflow automation and 

collaboration in genomic research. 

5. Discussion and Future Research 

Directions  
The integration of AI and genomic data engineering is 

revolutionizing precision medicine and drug discovery, 

offering unprecedented opportunities to develop targeted 

treatments and accelerate biomedical research. AI-driven 

genomic analysis enables rapid interpretation of complex 

genetic information, leading to breakthroughs in disease 

prediction, early diagnosis, and personalized therapies. By 

leveraging deep learning models and advanced data 

engineering techniques, researchers can uncover novel 

biomarkers, predict drug responses, and optimize clinical trial 

designs. 

Future research should focus on the following key areas to 

maximize the potential of AI in genomics: 

Quantum Computing for Genomic Data Processing: 

Traditional computational methods struggle with the immense 

scale and complexity of genomic datasets. Quantum 

computing has the potential to dramatically accelerate large-

scale genomic simulations, enhancing the speed and accuracy 

of sequence alignment, protein folding predictions, and gene 

interaction modeling. This could lead to faster insights into 

genetic disorders and more efficient drug discovery pipelines. 

Federated Learning for Genomic Privacy: The exchange of 

genomic data between institutions is essential for 

collaborative research, yet privacy concerns and regulatory 

constraints pose significant challenges. Federated learning, a 

decentralized AI approach, allows institutions to train models 

on genomic data without sharing raw datasets. This ensures 

data security while enabling robust, large-scale analyses 

across diverse populations, ultimately improving the 

generalizability of AI-driven insights in genomic medicine. 

Ethical and Regulatory Considerations: As AI and genomic 

engineering progress, it is crucial to establish and adhere to 

ethical guidelines and regulatory frameworks. Compliance 

with privacy laws such as GDPR and HIPAA is essential to 

protect individuals’ genetic information. Additionally, 

transparency in AI-driven genomic research, responsible data 

stewardship, and equitable access to precision medicine must 

be prioritized to prevent biases and ensure fair treatment for 

all patient populations. 
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6. Conclusion  
AI-driven genomic data engineering plays a crucial role in 

transforming the field of genomic research by significantly 

enhancing efficiency, accuracy, and scalability. By integrating 

machine learning algorithms, Salesforce-driven data 

management solutions, and advanced AI techniques into the 

genomic data pipeline, researchers can process vast amounts 

of genetic information with greater precision and speed. These 

advancements facilitate the discovery of novel insights into 

genetic diseases, therapeutic targets, and biomarkers. 

In conclusion, AI-driven genomic data engineering stands as a 

pivotal force in the evolution of biotechnology and healthcare. 

Its continued development, combined with innovations in data 

management and cloud computing, will fuel breakthroughs in 

genomics, reshaping precision medicine and healthcare 

practices. 
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